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University of
Chicago &
Chicago, IL

#6 in National Universities
% % % % ¥ 48 reviews @

The University of Chicago, situated in
Chicago’s Hyde Park community, offers a
READ MORE »

https://www.usnews.com/best-colleges/rankings/national-universities
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http://cosbi2.ee.ncku.edu.tw/wessonwu

Any Questions?
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50 Best Jobs in America for 2022

Best Jobs v ‘ ‘ 2022 v ’ ‘ United States v ‘ Share o o @ =
Job Title Median Base Salary Job Satisfaction Job Openings

#1 Enterprise Architect $144,997 4.5 14,021 View Jobs

#2  Full Stack Engineer $101,794 4.3/5 11,252 View Jobs
@ata ScientisD $120,000 3 60 T% 4.1/5 10,071 View Jobs

#4  Devops Engineer $120,095 4.2/5 8,548 View Jobs

#5 Strategy Manager $140,000 4.2/5 6,977 View Jobs

#6 Machine Learning Engineer $130,489 4.3/5 6,801 View Jobs

#7 DataEngineer $113,960 40/5 11,821 View Jobs

#8 Software Engineer $116,638 3.9/5 64,155 View Jobs

#31 Electrical Engineer> $86,545 4015 10,489 View Jobs
2585

https://www.glassdoor.com/List/Best-Jobs-in-America-LST KQO0,20.htm



50 Best Jobs in America for 2021

Best Jobs v ’ ‘ 2021 v ’ ’ United States v ’
Job Title Median Base Salary Job Satisfaction Job Openings
#1 Java Developer $90,830 4.2/5 10,103
@ata Scie@ $113,736 339% 4.1/5 5,971
#3 Product Manager $121,107 3.9/5 14,515
#4  Enterprise Architect $131,361 4.0/5 10,069
#5 Devops Engineer $110,003 4.0/5 6,904
@Iectrical En@ $80033 240 3.9/5 6,255

https://www.glassdoor.com/List/Best-Jobs-in-America-LST KQO0,20.htm



50 Best Jobs in America for 2020

Best Jobs v ‘ ‘ 2020 v ‘ United States v Share o @ @

Job Title Median Base Salary Job Satisfaction Job Openings
#1 Front End Engineer $105,240 3.9/5 13122 ‘ View Jobs ‘
#2 Java Developer $83,589 3.9/5 16,136 ‘ View Jobs ‘

Data Scientist $107,801 321 4.0s5 6,542 ‘ View Jobs ‘
=
#4  Product Manager $117,713 3.8/ 12,173 ‘ View Jobs ‘
#5 DevOps Engineer $107,310 3.9/5 6,603 ‘ View Jobs ‘
#6 DataEngineer $102,472 3.9/5 6,941 ‘ View Jobs ‘
#7 Software Engineer $105,563 3.6/5 50,438 ‘ View Jobs ‘
#22 Electrical Engineer $77,035 3.7/5 7,756 \ View Jobs l

2315

https://www.glassdoor.com/List/Best-Jobs-in-America-
LST KQO,20.htm



50 Best Jobs in America for 2019

Best Jobs v 2019 v ‘ ‘ United States v ‘ o o @
Job Title Median Base Salary Job Satisfaction Job Openings

#1 DataScientist $108,000 324 435 6,510 ‘ View Jobs ’

#24 Electrical Engineer $77,000 3.7/5 7,191 ’ View Jobs ’

https://www.glassdoor.c
om/List/Best-Jobs-in-
America-
LST KQO,20.htm
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https://ryanccj.github.io/2022 Lab_Training/

Lesson1. Linux 533 Lessonz. Python

7/4 ( — ) Terminal * Tools * Firewall * Virtual Env * IDE 7/7 ( @ ) Pyhton Basic1 (2021/07/06)
7/5 ( Z ) EE Project 3865 (13:30 %) 7/11 (— ) Pyhton Basic2 (2021/07/09)

Lesson3. Web & Lessong.Django
[ o |
7/18 ( — ) HTML * CSS * JavaScript 7/28 (@ ) MTV Structure * Templates
7/21 ( @ ) BootStrap * jQuery * Web Crawler 8/1 ( — ) Database * Models
7/25 ( — ) Homework review 8/4 (@M ) Form * Ajax

l'lﬂ Lessons. Data Visualization (Advanced) FD Lessoné. Front-end Framework (Advanced)
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Science

MY AAAS | ANNUALMEETING \ REGISTERNOW> »

Feb 15-19 2018 * Austin, TX

CONLADRN

SHARE  REPORT
@ The piRNA targeting rules and the resistance to piRNA Science:
silencing in endogenous genes ™

o Donglei Zhang'%", Shikui Tu’*", Michael Stubna', Wei-Sheng Wu®, Wei-Che Huang®, Zhiping Weng?, Heng-Chi Lee': Advertising (PDF)
+ See all authors and affiliations Classified (PDF)

@ H e 2 Feb 2018: Masthead (PDF)

35 I sue 63 :|1p5€ 592
DL-I 10.1126/scien 102840

Science

Vol 359, Issue 6375
02 February 20718

Table of Contents
Print Table of Contents
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* http://cosbi2.ee.ncku.edu.tw/YQFC/Tool/
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YQFC (Web tool # 1)

* Yeast Quantitative Feature Comparator

 http://cosbi2.ee.ncku.edu.tw/YQFC/Tool/



Cancer DEiso (£ 4 5 E # 51)

« A Database for Differentially Expressed
Isoforms and Genes in Human Cancer

* http://cosbi4.ee.ncku.edu.tw/DElso/
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FinLab (Z% * & »2/2 ek 5 § )
https://www.finlab.tw/

« FinLab > §|* Python X @i & i* L F

» FinLabi 4 » 4 F # 1 & (C L F 1+ ehdvaper F 1%
B TP R L RAe®iF % Pythongid 3T p ¢

-

R 0 P e a4 G e Rl E T

s EAIHESS 2 BMVIP> % NT$749/ % (© 1364 % 37
B, 42100d)

* https://ai.finlab.tw/pricing






2R 1E
* pirScan
 http://cosbi4.ee.ncku.edu.tw/pirScan/

2 TR
» pirTarBase
 http://cosbi6.ee.ncku.edu.tw/piRTarBase/
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Input page of pirScan

pirScan: a web server to predict piRNA targeting sites and to avoid transgene silencing

Scan ceens = piRNA target sites in your sequence

Input your DNA (without introns) or spliced RNA sequence:

agttttactttttcgcttttcg ATGGCACCTCCACAAGTAAGAAGGTCCGCTAGGTTAAGCAAGAGA
TGCCAAGAAGAAAAGGTTAAGCTTCAGAAGAAAAATGTCGGATTTAAGGCAAAATCTAA
GTCGGCTAAAAAGAGTAATAAGAAATTCAAGAAAGCTGCCGCTCAAAGACAAAGCCCAA
TTGACATCGTCCCACAACACGTGTGCTGTGACACAGACGTTTGCAAGGCTGATGCCTTGA
ACATTGACTACAAATCAGGTGACTGTTGCGATGTCCTTGTCTCCGAAGGAGGTTTCCTTGT
GAATGTCAAGAGAAATTGTGGCACATTCCTTACCGCCAACCATTTACCATCATCAAAATTC
GCGTTGGCTCAGTTCCATGCTCATTGGGGAAGCAACTCGAAAGAAGGATCCGAGCACTTT
TTGGACGGAAAACAACTTAGCGGAGAGGTTCACTTTGTATTCTGGAACACCAGCTATGAG
TCGTTTAATGTGGCACTCAGCAAGCCCGATGGATTGGCGGTTGTTGGAGTCTTCTTGAAGG

ARAAARAAATASAATAASA ATTA S, AT AT r ATAC A A CACTErC AN AR r N e

Specify your sequence name:
RO1E6.3a_spliced +UTR

Specify coding sequence (CDS) region:

Whole input sequence ®© |23 - 865

None

Default Setting

Number of mismatches allowed at seed region:
o number of non-GU pairs < 0¥

o number of GU pairs < 2 ¥

Number of mismatches allowed at non-seed region:
o number of non-GU pairs < (2 ¥
o number of GU pairs < 3 v

Total number of mismatches at seed & non-seed regions < 6




Output page of pirScan

8 Identified piRNA target sites (Graphical View)

e = cos [ 3 UR B oiRNA
1I 510 1(])0 HISO 290 2?0 3(:)0 3?0 4€I)0 4?0 590 5?0 GCl)O 6?0 7([)0 7.]50 8?0 B.?O 990 9?0 10[00 10.50 TO|92
1 I ]
HE B [ ] [ ]
= =] =]
° go ° . 2
8 Identified piRNA target sites (Table View)
Show |10 v | entries

non-GU mismatch
targeted

GU mismatch mismatch at the 1st position of piRNA | | seed region
# non-GU #GU # non-GU #GU

ion i ition i i tch i tch i tch i tch

piRNA re'glon "™+ & mismatches pos.l S ml.sma et ml.sma e .mlsma . !msma G pairing (top:Input sequence, bottom:piRNA)
input piRNA in seed in seed in non-seed in non-seed

sequence region region region region

5' GUAAUAAGAAAUUC|AAGAAA|G 3
21ur-11812 3 141-161 5 1,5.14,1520 0 1 2 1

3' CGUUAUAAUUUAAG|UULUUU[U 5°

8 Identified piRNA target sites (Sequence View)

Lowercase/Uppercase text indicates UTRs/CDS

non-GU mismatch GU mismatch

mismatch at the 1st position of piRNA | | seed region ™1 Codon




2T AR
Input page of pirTarBase

piRTarBo.se: a database of piRNA targeting sites and their roles in gene regula’tion

SEARCH BROWSE TUTORIAL DOWNLOAD CONTACT

Search predicted piRNA-target pairs in worms

Select a Species: ® C elegans C. briggsae
Choose piRNA targeting rules: ® stringent ® relaxed @
Search by : ® gene/transcript PiRNA
Input a gene or a transcript WBGene00006962

(e.g. Y40B10A.23, xol-1, WBGene00006962)

Search




Output page of pirTarBase

For the transcript C18A11.5b

*» # of predicted piRNA target sites . = 28
» # of CLASH identified piRNA target sites l = 25
* # of common piRNA target sites D = 4

PiRNA target sites

5'UTR cDs 3'UTR predicted piRNA target sites CLASH identified region common piRNA target sites
8 24 8

| | || [ ] |
H B EEE N ] - ] | H E = = |
11 5|0 190 150 200 250 300 3?3 -l(IJO 4?0 500 SI:U 600 650 700 750 390 ET:O 900 9?0 TO‘DO 1050 HPO H[SD 1200 '\2‘50 TEIUO 1350 1-1!00 14‘50 1500 '\SIS‘B 16|00 16‘50 '\7‘00 17‘50 1800 lSliU i%97
| R — 1
[ | [ m [0 Wm0 || [ [ HE B E B ER | ] | ]
[_] (] [ | | || [ ] | [
common piRNA target sites
D non-GU mismatch D GU mismatch D mismatch at the 1st position of piRNA seed region

Show |10 ¥ |entries

hybrid count ® ¢ CLASH identified region ® Predicted piRNA target sites from CLASH 0] PiRNA targeting score ® , jposition in piRNA

21ur-48563 13.8422

o
w
=3
=3
w
w
b
N
W
w0
[
o
w

1.13.19.20 21

21ur-4863 13.8422

w

300-326 299-319 113,19 20 21 =

w
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Global

BTC ETH HT

1724343
52582
4.0326

0.55834
127652
27436
nn

166.0611

0.140675
29708

0029659
119.88
0.3120

92.94
62059

1724385

18709.18 16199.86 B84435BTC

i

17242 60

hed)

7951976
0.001058
0.017000
0.019000

HF @ LR

7951976
7.953034
7.970034
7.989034
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o python pyfohop LN R :}g %f‘%—(Sharpe
ratio, Max drawdown,...)



Backtesting - Performance

1338594
Strategy: MACD

Args: SIS

fast_period (int): fast ema period. BTC_hour (60 Minutes)g 58846.72

slow_period (int): slow ema period. By T (e, ‘|'/
signal_period (int): macd signal sl T

period.

default

DIF: ema(12) — ema(26) (fast)
MACD : ema (DIF, 9) (slow)

Rule: : LN e, ik PV Skl
DIF > MACD: buy. Cross up
DIF < MACD: sell. Cross down Data : 2021-01-01 ~ 2021-10-28



Risk indicator

Start date 2021-01-01
End date 2021-10-28
Total months 14
Backtest
Annual return 27.653% Worst drawdown periods Net drawdownin% Peak date Valley date Recovery date Duration
33.86% 0 10.62 2021-04-13  2021-05-23 2021-08-20 94
6.36 2021-02-22 2021-02-28 PAVPARVER N 10
6.23 2021-01-14 2021-01-31 2021-02-08 18
4.54 2021-03-14 2021-03-25 2021-04-13 22
3.53 2021-01-08 2021-01-13 2021-01-14 5

Cumulative returns
Annual volatility 17.04%
Sharpe ratio 1.52
Calmar ratio 2.60
Stability 0.62

Max drawdown -10.618%

Omega ratio 1.31

Sortino ratio 2.49
Skew 0.36

Kurtosis 3.15

Tail ratio 1.35

Daily value at risk -2.044%




Backtesting — Compare with benchmark

Returns comparison

160000 -

— macdV2

150000 - buyandhold Returns (initial funding : 100000)
* macd:133859.61

140000 1 | * buy and hold:130242.25

130000 A
Sharpe

120000 -
* macd:1.52

110000 1 * buy and hold:0.93

100000 -

0 2500 5000 7500 10000 12500 15000 17500
Number of transactions




- ACEX1 %2

BERRAECER T AR L T)

https://ace. 10/

rEg4

= % #E B trader A

* Binance APIyf vt 455 e g MOt & T

* python TA-Libz i* & & f& 4 CERRIS

* python backtrader® B £ £ £ 8 B i ) B0 2 wipldes
* python pyfolioz* & & fé kb * 4 #%(Sharpe ratio, Max

Ve

drawdown, ..

o | F ATz
¥ p

] % #2355 (1€ * W& APIZ websocket), s 42 T4 7



Backtesting- Performance

Payoff Performance of BTC Momentum Strategy
(Sharpe: 0.564, Margin: 3.954, Calmar: 0.456, MDD: 82.695%, Sortino: 1.919)

= Benchmark (B&H BTC/USDT)
—— Momentum Strategy

Contract BTC/USDT BTC/USDT

Total Profit 243.98% 105.32%
Sharpe Ratio 1.3 0.564
o Aor i ot o Aor i ot o o Sortino Ratio 4.94 1.919
Drawdown of BTC Momentum Strategy Margin(bps) ) 3.954
Calmar Ratio 0.985 0.456

Max Drawdown 88.66% 82.695%
Win/Loss Ratio - 48.8%
Turnover Times - 2664

Jan Apr Jul Oct Jan Apr Jul Oct Jan
2020 2021 2022
Timestamp

61



Parameter Selecting - Sharpe Analysis

Fast MA Len

16

3

61

76

N

106

121

136

151

166

181

196

21

26

241

256

-

Sharpe Analysis of BTC Momentum Model

® Sharpe Ratio = ElRa—Rp]

Ga

1.0

(1) Choose pairs parameters that Sharpe Ratio
over 0.8 is better.

(2) Overall, the parameters are not sensitive to
the Sharpe Analysis of the strategy.

(3) We can random choose the parameters in
the
Blue Circle framed area.

16 31 46 61 7% 91 106 121 136 151 166 181 196 211 226 241 256 271 286
Slow MA Len

62



Parameter Selecting - Margin Analysis

Margin Analysis of BTC Momentum Model

16 120 n
i=1Ra

® Margin(bps) = +* 10000

3 .
Turnover Times

61
(1) Choose pairs parameters that Margin over

20bps is better for CTA Model.

76
N

e (2) Overall, momentum strategy performance is

better in regions with larger MA
parameters.

121

136

151

Fast MA Len

(3) We can random choose the parameters in
the

166
181

196 Blue Circle framed area.

241
256
271

286

1 16 31 46 61 76 91 106 121 136 151 166 181 196 211 226 241 256 271 286
Slow MA Len

63



Parameter Selecting - Calmar Analysis

Fast MA Len

61

76

9N

106

121

136

151

166

181

196

21

226

241

2586

2n

286

Calmar Analysis of BTC Momentum Model

E[Rq—Rp]
Maximum Drawdown

i ® (Calmar Ratio =

(1) Choose pairs parameters that Calmar Ratio
over 0.8 is better.

(2) Opverall, the parameters are not sensitive to
the Calmar Analysis of the strategy.

(3) We can random choose the parameters in
the
Blue Circle framed area.

1 16 31 46 61 7 91 106 121 136 151 166 181 196 211 226 241 256 271 286
Slow MA Len

64



Crypto trading system

Data (2 B2 % B & pr4E® ~ L& H F)
Account Information (¥4 & &tk = F & ~ 37 H { 7% )
Strategy (2 2 ™ H 21 %)

Order handler (T ¥ ~ B z=¥ ~- £ 37 H)

Connection Keeper (7 i%if &8 ~ Joa¢ & A7 4L)

T AR 2 5 AR5V (18 * % APIZ websocket), i A2 T 34 (7 #c P

12
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gr = F(y1,--- ,y7-1,%1,** ,XT)
 # 81 major corporations under NASDAQ 100 as the driving time series

A Dual-Stage Attention-Based Recurrent Neural Network
for Time Series Prediction

Yao Qin'*, Dongjin Song”, Haifeng Chen”, Wei Cheng?, Guofei Jiang”, Garrison W. Cottrell'



Driving series

of length T

he_4

Input
Attn

—_— Etl_’

—bet—b

— eg!—»

N——

Input

Softmax

attention Layer

(a) Input Attention Mechanism

1

y Xt
—.at—’®—" a

n

i
t "Xt

2
X
— @} @ — af x{

t
— af—Q—|af x{

New input
at time

Temporall

-—»il——

t

S |

t

Attn
I
ihr—y
Xp—|LSTM
Encoder  Temporal

— ] —

—B

Softmax

attention Layer

1
t

h,

o —(EM—x
td,
id,
—C¢—1— | LSTMj+—V;_1
Vd,
idT—l
CT—1—-yr-1
Vr

Decoder

(b) Temporal Attention Mechanism



NASDAQ 100
N
©
4
e

Ground Truth
DA-BNN

10 20 30 40 50 60
Time (minute)



|1

5 4



|.RFE LR /LR, < &,p%
P2 %d 1 B

- * Yahoo Finance APIFN g 3 e B Mz &
B2 ?spythonﬁ,r. 11 pea
FR, A EREF, BT ? &
o ¥ H ghcharts Stock i P #» #3 8]
e & iR 1 EE A g H

— —

k Valley, Fi 4/ Z



2.

i# * Credit Spreadfp $# i v2
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§ 7485 {2

longleg Call
spread 1stance 10
shortleg strike: 172.5

shortleg away : 15%
— underlying: AAPL

% closing price: 150

shortleg away : 15%

shortleg

spread distance : 10
longleg
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Example 1
Using microarray to study cancer

Cancer Cells Mormal Cells

RNA Isolation
v v
mRNA mRNA
Reverse
Transcriptase
Labeling
v b 4
A :)F;RD: AFFYMETRIX "Red Flourescent" Probes "Green Fluorescent” Probes
i 2 T Iy .
lm N’h H"l M'l I Combine Targets
Ger 2Chip
Hybridize to
Microarray




Using mathematical
models to reconstruct
gene regulatory networks
in normal cell
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Using mathematical
models to reconstruct
gene regulatory networks
in cancer cell
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Edges appear in the

normal cell but not in the
cancer cell

Edges appear in the
cancer cell but not in the

normal cell
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These edges suggest candidate gene-gene interactions
which may be related to cancer formation



Example 2: Gene regulatory
networks in Sea Urchin embryo
early development

. i { Ubi
Maternal and Early Interactions LiCl S e At

13 frizzled ;
b e Py R of mic
Marcpl PGS
ECNS {nB-TCF
& pr [
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= i unkn mat activ %
g o Q
unkn pme rep—l unkn mes/end rep unkn vegetal activ

Ubi Ubiq Ubi PN
s T P o
- SoxB1 SoxB1 e "'5‘ ‘ Rep of Wnt8 Wnt8

r ES Ubiq . Krl Krox @ Otx [
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Krl [] B
3 ] ™ R of mic Mesoderm HI I ‘ J ’ AL
o Pmarl Ubiq . Ubiq A48 ‘ —-—r—— = ,
hia SU(H) I— o Bra FoxA Gatall Krox
PMC BES 3 ¢
Hnf 6 Delta | -0 Delta Endoderm Hox11/13b
Ubiq Nrl S ! l H F
e Ganfabe) . ‘7 _i’ GataE
Ubiq GataC (oral) F\A'e - FoxB
e )| | « I | B
Eis1 Alxt Notch : I 'I"‘ T &=
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|[.__1 : Hox11/13b
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Currant Opinion in Genstics & Davelopment

from Current Opinion in Genetics and Development 2004, 14: 351-360



Maternal and Early Interactions
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Example 3: Metabolic networks

Adenasine
Adenine
Guanosing
Guankneg

. -metabolism Ribulose-GP
Incsitol : I

phosphate D3 i Haemaglobin
Vitamin B12

ISucm@e
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Cellulose ﬁ sucroge
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'Giutan&aie- amino

acid grou
Starch an : .
meta Amino suoars metabolism
|Glutamate ) Proline |
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Uracil | uTP ytosine] CTP
Thymine| dTTF cor | dcte

from Wiki



Carbohydrate Metabolism

3.3

Trehalose

gene expression changes accompanying the
metabolic shift from fermentation to respiration

from Science 1997, 278: 680-686

Glyoxylate
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Example 4: Bio-database construction

Search Help Statistics About us Contact

T S TR

YPA (Yeast Promoter Atlas) is a repository of promoter features in Saccharomyces YPA is selected as a featured article—
cerevisiae. It intergrates various resources (including promoter sequences, TSSs, TATA the top 5% of papers in terms of
boxes, TFBSs, nucleosome occupancy, DNA bendability, TF-TF interaction, and gene originality, significance and scientific
expression data) and provides a comprehensive view of the promoter regions. Please excellence—of MNAR.

check the settings before using YPA.

YPA version 1.5 is released
Go This release recovered 485 TATA
Advanced search boxes hidden in the revision of YPA
1.1 and updated interaction data.
more...
By genomic coordinate
Go YPA version 1.4 is released
This release updated interaction

By chromosome o .
data and provided information of TFs

By regulatory element

TEBS (transcription factor binding site)

without TFBS information. more...

YPA version 1.3 is released
This release updated interaction

data. more...

Darby Tien-Hac Chang, Cheng-Yi Huang, Chi-¥eh Wu, and Wei-Sheng Wu, "YPA: an

inteqrated repository of promoter features in Saccharomyces cerevisiae”, Nucleic

Drevious News...
Acids Res. 2011 39: De47-D652.



ORF organization

IT1:60735 11:599818
T35 IUTR tart codon coding region stop codon 3TUTR
e 21 s18 935 ™ 1605
5'UTR start (TSS) II1:60755
Start codon (SC) 11:60735
Stop codon 11:59818
3'UTR end 11:59748
Back to top
Promoter map
BO736 463 61195
+20  +1 =100 =200 =300 =) 443
SC-1 TSS
2 YBLOSTCC-) YELOSEL
o — | e—
b= (-2
)
2
- N —— || ] -
YPO
In witro
Galactose
Ethanol
g MacIssac
e & st oW
Rﬂi w1
Tpl SwizsRegulon
E Rapl Tecl
= J
"]
@ MYBS
L
=
m5°UTR coding region O 3°UTR nucleosome-occupied region W rigid OMA region | TFBS THTA box
Sequence map
—-443 AATATTTGTA TTGTTTTATG TARTTATAAT CTTAAGCTTG CAATACCAAT CACTATTACC ATGTTAATGA TCCCCCAGAT AAAAAGACAA GACAGAGCAT —3dd
343 ATATCAGACT ACATTAACAT CTGTACACCC CCARCTGCTT TGAAAAAACC CATGCAGTTA TTATTTTCAA CAGACCAAGT TTTTTTATCG CTTATCCGGC —2d44
Sfpd HI Sfpd
Fhli MI
-243 TCACAGAARCE AGCCGTACAA CCGTCATCAG ACTTGCATGGE AAATGTTGAA AARGAGGTAA ARAAGAAAAT ATCAAACCCA AACACGCTCG GGCTGAARAAA -144
Tecl SR Fapl SR
Sepl iH|
Fapl MI|
-143 TTAATATGEL AGGAAACGAA CTGTAGCCAT AATGTACCTS TTCCCGCTAA TAGTAATACC ATCGTATTGE TARGGTTAGT AGCTAAARAT CTCTTACTTT —dd
MI
TS5 start codon
-43 CTTTATTTTG ACTCTTAGGT CTTACAAGCA ATACAAAACC AACH 20



Example 5: Bio-server construction

Gene sets for comparison

Gene set 1

YEPR1E9W
YPLOG4C
TMLO74C
YEROL1HC
YDL101C

TERO48W
YORZZ4C
YTLEZ44C
TDR197W
TDLOY4C

YPLZE3C
YNROZT7W
THRZ07C
YDR196C
TCROT9W

YPL1a0w
YMREO49C
TER1A3C
YDROI1W
YTCROVZC

Miscellaneous

m FDR | <005 «

m 50 term [ =5 w

m |oad sample gene sets to analyze

m See the result of IESE genes vs, rESE genes

Gene set I1
® MNone
O User specified

YTEL1Z1W ¥YLROO1C
YCROO4C ¥YMLOO4C
YTELOGTW YERZ09C
YTNL134C ¥YOLI151W
YTEL103C YDL1Z4W

YHL1E83C YNLZ241C ”~
YELOGSC YLRZ20C
YDR453C YMLI131W
YOL150C YERO11C
YTMEL73W-A YMRL73W

O TATA (Basehoar et al. 2004)

O TATA-less (Basehoar et al. 2004

O cell cycle (Spellman et al. 1998}

O essential (Yeast Genome Deletion Project)
O JESR (Gasch et al. 2000}

O rESR (Gasch et al. 2000)

O OPN (Genorme Res. 2008)

O DPN [Genome Res, 2008)

Reset | » Analyze




Analysis summary

-p,025 |
—0,0d
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0055
0,05 - - = )
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Berdabi ity
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